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Executive Summary

Artificial intelligence has become a strategic capability for government organizations seeking to
improve service quality, decision support, and operational efficiency. At the same time, AI adoption

introduces unique risks related to bias, transparency, privacy, and accountability.

This white paper provides a practical framework for AI governance and risk management in government

IT environments. It outlines how agencies can deploy AI responsibly while maintaining mission trust,

legal compliance, and operational control.

Why AI Governance Must Be Operational

Many AI strategies emphasize principles but lack enforceable execution models. Government programs

require governance that is:

Actionable in procurement and delivery workflows

Measurable through controls and oversight metrics

Aligned to mission outcomes and public trust obligations

Without operational governance, AI programs can scale technical capability faster than risk controls.

Core Risk Domains in Government AI

Government agencies should manage AI risk across five domains:

1. Model Risk: Accuracy drift, brittle behavior, weak generalization
2. Data Risk: Bias, poor quality inputs, data provenance gaps

3. Security Risk: Prompt abuse, model misuse, unauthorized access
4. Compliance Risk: Policy misalignment, documentation gaps, audit failure

5. Mission Risk: Incorrect or non-explainable outputs in high-impact decisions

A complete risk program must address all five domains, not just model performance.



Governance Foundations

AI Policy and Decision Rights

Agencies should define:

Approved and prohibited AI use cases
Human oversight requirements by risk tier

Model documentation and validation standards

Escalation and exception pathways

Clear policy boundaries reduce ambiguity for both technical teams and leadership.

Governance Structure

An effective structure typically includes:

Executive sponsor for mission and risk alignment

Cross-functional AI governance board
Technical review authority for high-risk use cases

Security, privacy, and legal representatives in approval workflows

This model ensures AI decisions are traceable and accountable.

Lifecycle Risk Controls

AI governance should span the full lifecycle:

Intake and Use Case Assessment

Evaluate mission relevance and expected value

Classify risk level and oversight requirements
Define measurable success and harm indicators

Data and Model Development

Validate data quality and representativeness
Test for fairness and performance stability

Document model assumptions and limitations



Deployment and Operations

Enforce access and usage controls

Monitor model behavior in production
Establish rollback and incident response paths

Continuous Oversight

Perform periodic model reviews and revalidation
Track drift, exceptions, and adverse impacts

Update policies and controls based on findings

Governance maturity depends on this ongoing loop, not one-time approvals.

Human Oversight and Explainability

High-impact government decisions require explainable and reviewable AI outputs. Programs should

define:

Where human-in-the-loop review is mandatory

What level of explanation is required by use case
How contested outputs are escalated and resolved

How final accountability is assigned when AI is involved

Human oversight is a risk control, not a procedural formality.

Security and Privacy Controls for AI

Government AI programs should include:

Controlled access to models, data, and prompts
Data minimization and sensitive data handling safeguards

Logging of model interactions and administrative actions

Monitoring for misuse, anomalous behavior, and output manipulation

These controls protect both mission integrity and public trust.

Procurement and Vendor Governance

Many agencies rely on external AI vendors. Governance must extend beyond internal systems through:



Contractual requirements for transparency and supportability

Model documentation and testing evidence expectations
Security and compliance obligations for providers

Ongoing performance and risk reporting

Vendor AI capabilities should be evaluated with the same rigor as internal implementations.

AI Governance Metrics

Leadership should track metrics such as:

Percentage of AI systems with documented risk classification
Rate of policy exceptions and remediation closure time

Model drift detection and response cycle time
High-risk use cases under active human oversight

Audit readiness status for AI-related controls

These indicators provide visibility into both AI value and risk posture.

Implementation Roadmap

Phase 1: Governance Setup

Establish AI policy baseline and governance board

Define risk taxonomy and use case intake process

Launch initial control and documentation templates

Phase 2: Controlled Adoption

Start with low-to-moderate risk use cases
Validate lifecycle controls and oversight workflows

Build internal capability through targeted training

Phase 3: Scaled Operations

Expand AI adoption with standardized governance playbooks

Integrate monitoring with enterprise risk and security functions
Continuously improve controls based on operational lessons

Conclusion



AI can create significant mission value in government IT, but only when governance and risk

management are treated as core delivery capabilities. Agencies that implement enforceable controls,
clear accountability, and lifecycle oversight can scale AI responsibly while protecting trust, compliance,

and operational outcomes.

Effective AI governance is not a barrier to innovation. It is the foundation for sustainable innovation in

public-sector environments.


